Neural encoding of temporal and spectral statistical regularities of reverberant enviroments
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Neural decoding accuracy correlates with task performance
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suggesting the neural response pattern captured consistent statistics
of auditory scenes robustly across salient properties of both the varying
source and the trial-unigue IRs.
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Synthetic IRs were generated to
match or deviate from the temporal
or spectral features of real-world IRs".
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e Stimulus conditions were better decoded when subselecting correct
trials (about 75% overall), suggesting that perceptual report, not just stimu-
lus attributes, Is related to classifier performance.
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e [ he differing time courses of the brain-behavior correlations suggest hetero-
geneous processing of temporal and spectral stimulus cues.
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