MODELING TARGET SEARCH IN BLIND ECHOLOCATORS USING A KALMAN FILTER WITH REALISTIC
EXPLORATORY BEHAVIOR SIMULATIONS
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How do humans learn to localize objects using echolocation alone? COMPARISON WITH HUMAN PERFORMANCE: INDIVIDUAL TRIAL DYNAMICS:
Model approximates blind expert human echolocator behavior at the same task KF has no updates — model does not converge in control
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100 trials each click-move-click model search pattern.
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